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Abstract:

In this article we propose 8 muthematical model Tundamentally based on evidence theory to
combine and o process the information clements resulting from the differenl sources of
information within a general integrated security system with the aim to extract the potential
knowledge associated with the security events. Furthermore, we intend to simply materialize and
visualize this knowledge by using different representational models. The proposed model s able
to process the information and to extract the knowledge in spite of the heterogeneity of the
information elements that could be qualitative, quantitative, ordinal, binary, .. etc, and in spite of
their imperfection and uncertainty (imprecise, probabilistic, evidential, possibility, missing data..
etc.)
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